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Data Analysis
In this article, regression analysis involved a technique for modeling and analyzing trends between a dependent variable (performance of the project) and other independent variables. If two independent variables are significantly correlated with each other, they may have a negative impact on the regression analysis. Therefore, the two methods used by the authors to detect multicollinearity were the most appropriate simply because they gave a clear indication of the degree to which the standard errors were likely to be inflated. In other words, the authors tested for multicollinearity simply to ensure there was no correlation between independent variables. It is important to note here that in a multiple regression study, we assume that the X variables are independent of each other and they contain unique piece of information about Y and, therefore, should not correlate with each other. Sometimes problems or multicollinearity errors may occur when working with independent variables. There are two methods for checking for such errors:
How the authors tested for multicollinearity?
The authors checked whether the Variance Inflation Factor was too high with the idea that if VIF value was 10 or greater, then, that could be a clear indication of a problematic multicollenearity in the regression analysis. In this case, there was insufficient magnitude of multicollinearity because the VIF obtained was below two. The other way in which the authors tested for multicollinearity was the use of correlation coefficient. They calculated the correlation coefficient (Client experience within team) and the two covariance variables (member with failure and team size) and found that the correlation was not too high and, therefore, the independent variables were not collinear.
How they conducted the Multiple Linear Regression?
Sometimes it is important to check whether there is prove for cause and effect and this is what the authors wanted to know when they run a hypothesis testing. First, controlling for outside variables was critical when trying to demonstrate cause and effect. Secondly, to obtain an unbiased estimate of a causal effect in their multiple regression analysis they needed to make sure that the coefficient on the causal variable of interest did not suffer from omitted variable bias. To do this, they added control variables to the regression. While these variables were not causal, they sufficiently correlated with omitted causal factors that tended to affect the dependent variable.  
The second and the third model the authors used to test the hypotheses were appropriate because they helped demonstrate how various independent variables influenced the dependent variable. Here, the dependent variable was the variable the authors sought to model or sought to study which was the performance of the project. The authors decided to use the three models simply to demonstrate how the Y or the dependent variable (performance of the project) behaved. In other words, the three models were used to hypothesize that the dependent variable (performance of the project) was jointly influenced by all the independent variables which are specified in the article. Also, the authors could have used ANOVA on what is well known as the analysis of variance. Through this concept, they could have calculated the mean or use mean values provided in Table one to compare how various independent variables affected the dependent variable and also to demonstrate how they tie in with the hypothesis tested. Therefore, it is plausible to conclude that it is a joint hypothesis which makes it a multiple regression model and the authors used the most precise analytical methods in their study. 
